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Abstract: Current text similarity detection methods that ignore document structure information and lack semantic relev-
ance. To solve these problems, a text-oriented similarity detection method was proposed. First, analytic hierarchy process
(AHP) was used to calculate word position weight to extract feature words. Second, the Pearson correlation coefficient
was used to measure semantic correlation between words which was the weight of generalized Dice coefficient to calcu-
late similarity. Experimental results show that the proposed method can improve the precision of feature word extraction
and the accuracy of similarity calculation results.
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